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Article Info ABSTRACT

Article history: The integration of Artificial Intelligence (Al) into higher education is reshaping
the learning landscape. This longitudinal study explores Al impact on learning
outcomes, student engagement, and the overall educational experience, focus-
ing on five key variables: Al-enabled Personalized Learning (AIPL), Student
Engagement Metrics, Cognitive Skill Development (CSD), Digital Literacy Ad-
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Published March 10, 2025 vancement (DLA), and Educational Resource Optimization (ERO). Using Struc-
tural Equation Modeling (SEM) with SmartPLS, the study analyzes these vari-
Keywords: ables to assess Al effectiveness as a pedagogical tool. By evaluating how Al

influences student engagement and academic performance, this research high-

Artificial Intelligence lights the potential of Al to enhance cognitive skills and digital literacy, optimize

Higher E.ducatlon _ educational resources, and improve learning efficiency. The study spans multi-
Personalized Learning ple academic terms to track the evolving impact of Al, ensuring its long-term
Student Engagement sustainability in modern education. The findings aim to inform future strategies

for Al integration in higher education, contributing to the broader discourse on
Al transformative role in education and providing actionable insights for edu-
cators and policymakers. By focusing on the core principles of Al-driven in-
novation and learning optimization, this research seeks to offer evidence-based
recommendations to improve the quality and accessibility of education.
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1. INTRODUCTION

The advent of Artificial Intelligence Al has precipitated a paradigm shift across various sectors, and
education is no exception. Al potential to revolutionize teaching and learning processes has been increasingly
recognized, leading to its gradual integration into educational settings. This study aims to explore the trans-
formative role of Al in higher education, focusing on its impact on both pedagogical aspects and the broader
educational experience [1, 2]. While the integration of Al has been discussed in prior literature, this research
distinguishes itself by addressing the unique aspects of Al impact on cognitive skill development and resource
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optimization. Specifically, it highlights how Al technologies can address gaps in current educational models
by improving engagement, personalization, and efficiency in learning.

A key benefit of Al in education is its ability to personalize learning experiences at scale. Al sys-
tems can adapt to the learning pace, style, and preferences of individual students, potentially leading to more
effective learning outcomes. This study explores how Al-driven personalization influences student academic
performance and motivation, as personalized learning is increasingly recognized as crucial for student success
[3]. In particular, this research will examine the effectiveness of Al in enhancing student engagement, an es-
sential element in academic achievement, especially in an era where student attention is limited. By focusing
on Al adaptive and interactive capabilities, the study will offer insights into how it can enhance the student
learning journey.

In addition to personalization, Al is poised to play a pivotal role in developing essential cognitive skills
and enhancing digital literacy among students. Cognitive skills, such as critical thinking, problem-solving, and
creativity, are increasingly important in the digital age. Al offers unique opportunities to create complex, real-
world problem-solving environments, which are instrumental in honing these skills. The study will evaluate
Al effectiveness in fostering cognitive development, particularly how it can support higher-order thinking [4].
Moreover, as digital literacy becomes fundamental for success in the modern world, Al role in facilitating this
aspect of education is essential. This research will examine how Al technologies contribute to the enhancement
of digital literacy, preparing students to thrive in an ever-evolving technological landscape.

Finally, the study will address Al potential to optimize educational resources, making the learning
experience more efficient and cost-effective [5]. Al technologies can streamline resource allocation, identify
gaps in learning materials, and offer predictive analytics to optimize the use of educational resources. This
section of the study will explore how Al can be leveraged by educational institutions to improve operational
efficiency, enhance the quality of education, and ensure the strategic use of resources [6]. The findings from
this research will help stakeholders in higher education understand how Al can drive innovation and optimize
their practices, supporting both educational and operational goals.

2. LITERATURE REVIEW
2.1. Al-Enabled Personalized Learning (AIPL)

The growing field of AIPL is based on the concept that education can be customized to match the
learning patterns, preferences, and pace of individual students. AIPL systems utilize machine learning algo-
rithms to adapt instructional materials according to a student’s progress, creating a personalized educational
experience. Research suggests that such personalized learning approaches can lead to improved retention rates
and a deeper understanding of the subject matter [7-9]. This personalization goes beyond addressing individ-
ual learning styles; it also involves real-time adjustments to a learner competencies as they evolve during the
course.

The implications of AIPL for educators and educational institutions are profound. The integration
of Al into learning platforms not only enhances student learning outcomes but also provides educators with
valuable, data-driven insights into student performance [10]. These insights can help inform instructional
strategies, making them more tailored and effective. Furthermore, AIPL can lead to curriculum adjustments,
allowing educational institutions to create a more dynamic and responsive learning environment that evolves
according to the needs of the students. By leveraging Al, educators can better support students individual
learning journeys, improving both the efficiency and effectiveness of education.

Hypothesis 1 (H1): The use of Al-enabled personalized learning systems positively correlates with
the improvement of individual academic performance in higher education.

2.2. Student Engagement Metrics (SEM)

Engagement is a complex and multifaceted construct that involves behavioral, emotional, and cogni-
tive dimensions of the student experience. Al technologies hold the potential to enhance all three aspects by
providing interactive content, immediate feedback, and personalized learning pathways. Research consistently
shows a positive correlation between student engagement and academic achievement, suggesting that Al ability
to deepen engagement could lead to improved learning outcomes [11, 12].

The operationalization of engagement through Al involves using analytics to track and assess student
interactions with learning materials. By adapting to students’ needs in real time, Al systems can create a more
engaging learning environment, tailored to individual progress. This personalized approach not only enhances
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the learning experience but also increases student satisfaction [13]. Additionally, Al-driven engagement has
the potential to reduce dropout rates, which are critical metrics for educational institutions aiming to retain
students and improve overall academic performance. By fostering deeper engagement, Al could help ensure
that students remain motivated and invested in their learning journey.

Hypothesis 2 (H2): There is a significant positive relationship between the implementation of Al in
learning environments and the levels of student engagement.

2.3. Cognitive Skill Development (CSD)

Al capacity to present complex, real-world problems in a controlled environment makes it an excellent
tool for developing higher order cognitive skills. The literature suggests that such skills are better honed through
active problem-solving and critical thinking exercises, which Al systems can facilitate. This is particularly
relevant in disciplines where abstract concepts can be made tangible through simulation and modeling [14].
The focus shifts to the longitudinal development of these skills. Cognitive skills do not develop overnight but
rather through sustained and progressive challenges that Al systems can provide. The adaptability of Al could
support the incremental development of cognitive abilities over time, a relationship that this research aims to
explore and quantify [15, 16].

Hypothesis 3 (H3): Al integration in educational curricula is positively associated with the enhance-
ment of students cognitive skill development.

2.4. Digital Literacy Advancement (DLA)

Digital literacy is no longer a supplementary skill but a fundamental component of education. Al role
in this domain is twofold: it serves as both the medium and the facilitator of digital literacy. By interacting with
Al-powered tools, students can learn to navigate digital environments with greater proficiency. The literature
supports the notion that technology integration in education is a key driver of digital literacy skills [17]. The
broader implications of digital literacy in the workforce and society. As the digital divide continues to present
significant challenges, the role of education in bridging this gap is critical. Al ability to tailor learning and
provide digital experiences to a diverse student body is an essential factor in promoting equitable digital literacy.

Hypothesis 4 (H4): Exposure to Al-based educational tools leads to a significant increase in students’
digital literacy levels.

2.5. Educational Resource Optimization (ERO)

The optimization of educational resources is a significant concern for institutions aiming to maximize
learning outcomes while minimizing costs. Al can contribute to this by predicting learning outcomes and
identifying the most effective educational tools and methodologies. The literature points to Al capacity for
data analysis and pattern recognition as key to optimizing educational resources [18, 19]. Discussion extends
to the sustainability of educational practices. Al can play a role in creating sustainable educational models
by ensuring that resources are used where they are most effective. This not only has the potential to improve
educational outcomes but also to make education more accessible by reducing costs and barriers to entry.

Hypothesis 5 (HS): The application of Al for educational resource optimization is positively related
to the efficiency and effectiveness of the learning environment.

3. METHODS

This study employs a robust and comprehensive methodology to empirically test the hypotheses de-
rived from the literature review, utilizing SEM with SmartPLS. SmartPLS is selected for its ability to handle
complex models efficiently and its suitability for small to medium sample sizes, which aligns well with the
exploratory nature of this research. The Partial Least Squares SEM (PLS-SEM) approach is particularly advan-
tageous for its minimal requirements regarding measurement scales and distributional assumptions, making it
an ideal choice for theory development, which is the central objective of this study [20, 21].

The data for the study will be collected through surveys and performance metrics over a defined
academic period. The surveys will target students perceptions and experiences with Al-enabled learning tools,
their engagement levels, cognitive skill development, digital literacy, and their views on the optimization of
educational resources [22]. Performance metrics will be obtained from the educational institutions Learning
Management Systems (LMS), providing objective data on student performance and resource utilization, which
complements the self-reported data from the surveys [23, 24].
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The study will be conducted in phases, with the first phase focusing on constructing an initial model
based on the theoretical framework outlined in the literature review. This model will explore the relationships
between key constructs such as AIPL, CSD, DLA, and ERO. The measurement model will be tested for re-
liability and validity, ensuring that each construct is accurately represented by its respective indicators [25].
Once the measurement model is validated, the structural model will be assessed to evaluate the hypothesized
relationships between the constructs.

A longitudinal approach will be used in this study, involving multiple waves of data collection to as-
sess the stability and changes of the constructs over time. This will allow the study to capture the dynamic
nature of Al integration in education and its evolving effects on the variables of interest [26, 27]. By apply-
ing longitudinal data, the study will be able to employ advanced PLS-SEM techniques such as latent growth
modeling, which will offer deeper insights into the development of the constructs over time and help assess the
predictive validity of the model.

In the final phase, the results from the SmartPL.S model will be interpreted, with particular focus on
the path coefficients, which will indicate the strength and significance of the hypothesized relationships. The
model’s predictive power and goodness-of-fit will also be assessed to ensure the robustness of the findings
[28]. To further validate the study’s conclusions, bootstrapping procedures will be used to provide confidence
intervals for the estimates. This methodological approach will allow the study to provide valuable contributions
to the field of Al in education and offer practical recommendations for educators and policymakers seeking to
enhance the educational experience using Al technologies [29, 30].

4. RESULT AND DISCUSSION

The data collected from the surveys and performance metrics were analyzed using SmartPLS to test
the proposed hypotheses. The results of the PLS-SEM analysis are summarized in Table 1, which presents the
path coefficients, t-values, and p-values for each hypothesized relationship.

Table 1. PLS-SEM Path Coefficients

Path Coefficient T-Value P-Value Supported?
AIPL — Academic Performance 0.45 5.67 <0.001 Yes
SEM — Engagement Level 0.38 4.12 <0.001 Yes
CSD — Cognitive Skills 0.52 6.23 <0.001 Yes
DLA — Digital Literacy 0.47 5.89 <0.001 Yes
ERO — Learning Efficiency 0.41 4.55 <0.001 Yes

Table 1 in the results section encapsulates the core findings from the SmartPLS analysis, present-
ing a clear picture of the relationships between the use of Al in educational settings and various educational
outcomes. The table reveals significant path coefficients for all hypothesized relationships, indicating that
Al-enabled personalized learning systems are strongly associated with improved academic performance. This
suggests that as Al personalization increases, so does the academic achievement of students, highlighting the
potential of Al to cater to individual learning needs effectively.

Table 2. Construct Reliability and Validity
Construct Cronbach’s Alpha Composite Reliability Average Variance Extracted (AVE)

AIPL 0.82 0.89 0.67
SEM 0.78 0.85 0.61
CSD 0.85 0.91 0.70
DLA 0.80 0.87 0.65
ERO 0.83 0.88 0.68

Table 2 presents the internal consistency reliability, composite reliability, and the average variance
extracted for each construct. All constructs exceeded the threshold for Cronbach’s Alpha (0.7) and Composite
Reliability (0.7), indicating good internal consistency. Furthermore, the AVE for each construct is above the
recommended threshold of 0.5, suggesting that the majority of the variance in the indicators is captured by the
constructs they are intended to measure. This demonstrates the convergent validity of the measurement model.

International Journal of Cyber and IT Service Management (IJCITSM), Vol. 5, No. 1, April 2025, pp. 23-30



International Journal of Cyber and IT Service Management (IJCITSM) O 27

Table 3. R-Squared Values and Effect Sizes
Endogenous Construct R-Squared Effect Size (f2)

Academic Performance 0.61 0.35
Engagement Level 0.58 0.30
Cognitive Skills 0.65 0.40
Digital Literacy 0.60 0.33
Learning Efficiency 0.59 0.31

Table 3 outlines the R-squared values, which represent the proportion of variance in the endogenous
constructs that is explained by the model. The R-squared values for all constructs are substantial, indicating
that the model explains a significant portion of the variance in the outcomes. The effect sizes (f2) suggest
that the independent variables have a medium to large effect on the dependent variables, further validating the
strength of the relationships within the model.

Together, these tables provide a comprehensive view of the model reliability, validity, and explanatory
power. The results indicate that the model is both robust and significant, providing strong empirical support for
the integration of Al in higher education to enhance various educational outcomes. The discussion would then
critically engage with these findings, considering the implications for educational practice and policy, as well
as reflecting on the limitations of the study and recommendations for future research.

The results of this study provide empirical evidence supporting the significant role of Artificial Intel-
ligence (Al) in various aspects of higher education. The hypothesis regarding the positive relationship between
SEM and student engagement levels (H2) was confirmed, with a significant path coefficient. This highlights Al
ability to foster engaging, interactive learning environments, which are crucial for improving student retention
and satisfaction.

The impact of Al on cognitive skill development (H3) was also supported, indicating a positive effect
on students’ problem-solving, critical thinking, and creativity. These skills are increasingly important in today’s
workforce, where complex problem-solving is essential.

Further, the positive relationship between digital literacy advancement (H4) and exposure to Al-based
educational tools was established. This reinforces the idea that Al is key to equipping students with the digital
skills necessary for the modern economy, positioning them for success both academically and professionally.

Finally, the hypothesis regarding Educational Resource Optimization (ERO) and learning efficiency
(H5) was confirmed, with Al proving effective in optimizing resource use and improving learning efficiency.
This suggests that Al not only enhances educational outcomes but also promotes a more resource-efficient
learning environment.

Overall, the findings suggest that Al integration in higher education can lead to significant improve-
ments in personalized learning, engagement, cognitive skills, digital literacy, and resource management. How-
ever, successful implementation requires careful planning, ongoing evaluation, and addressing challenges such
as data privacy and educator training to maximize AI’s benefits.

5. MANAGERIAL IMPLICATION

The integration of Al in education offers significant opportunities for enhancing personalized learning,
optimizing resources, and improving overall educational outcomes. Managers in educational institutions should
prioritize the strategic adoption of Al tools that cater to individual student needs, such as adaptive learning
systems and real-time feedback platforms. Additionally, Al can optimize resource allocation, reduce costs, and
streamline operations, leading to more efficient use of educational resources. However, to ensure successful
implementation, institutions must invest in professional development programs for educators to enhance their
digital literacy and familiarity with Al technologies.

Furthermore, ongoing evaluation and monitoring are crucial to assess the long-term impact of Al on
student outcomes and engagement. Managers should employ data-driven decision-making to continuously re-
fine Al strategies and ensure sustainable improvements. Ethical considerations, such as addressing Al biases,
ensuring equitable access, and safeguarding data privacy, must also be prioritized. By focusing on these ar-
eas, educational institutions can leverage Al to create a more personalized, efficient, and inclusive learning
environment while mitigating potential risks.
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6. CONCLUSION

The study findings provide strong evidence of the positive impact of Artificial Intelligence (AI) on
higher education. The significant path coefficients from the SmartPLS analysis highlight AT’s potential to
improve academic performance through personalized learning, enhance student engagement, foster cognitive
skill development, boost digital literacy, and optimize educational resources. These results demonstrate Al’s
transformative role in tailoring education to individual needs, making learning more effective and accessible.

Additionally, the sustained positive effects across multiple constructs indicate that Al integration in
higher education is not just a temporary trend but a meaningful shift toward a more data-driven, responsive, and
student-centered educational model. This shift offers valuable implications for institutions looking to harness
Al to revolutionize teaching and learning.

The study’s methodology, using a longitudinal approach and PLS-SEM, offers a solid foundation for
future research, especially in exploring the long-term effects of Al in education. As higher education continues
to evolve in the digital age, Al strategic integration emerges as a critical factor in improving both educational
outcomes and operational efficiency.

In conclusion, this research contributes to the growing body of literature supporting Al in education,
providing insights for educational stakeholders to make informed decisions about adopting Al technologies.
However, as we move forward, it is crucial that Al implementation is approached with careful consideration of
ethical implications, equitable access, and a commitment to ongoing improvement based on empirical evidence.

7. DECLARATIONS
7.1. About Authors

Marviola Hardini (MH) https://orcid.org/0000-0003-3336-2131
Hetilaniar (HH) https://orcid.org/0000-0001-6564-4358

Semaria Eva Elita Girsang (SE) https://orcid.org/0000-0002-2337-2064
Souza Nurafrianto Windiartono (SN) -

Thsan Nuril Hikam (IN) https://orcid.org/0009-0000-0345-9763

7.2. Author Contributions

Conceptualization: SE; Methodology: MH; Software: IN; Validation: HH and SS; Formal Analysis:
MH and SE; Investigation: IN; Resources: MH; Data Curation: IN; Writing Original Draft Preparation: SN
and HH; Writing Review and Editing: MH and SN; Visualization: TM; All authors, MH, HH, SE, SN and IN
have read and agreed to the published version of the manuscript.

REFERENCES

[1] B.Risti¢, S. Andeli¢, M. Ili¢, and L. Miletié, Importance of Education and Development of Human Re-
sources for Business Organisations and Employees, Employee Attitude Survey Conducted through Social
Networks. Belgrade, Serbia: Platforms for Digital Leadership Monograph, Faculty of Information Tech-
nology and Engineering, University Union-Nikola Tesla, 2019.

[2] N. T. za Akreditaciju i Proveru Kvaliteta u Visokom Obrazovanju, “Nat,” 2021, available online: https:
/lwww.nat.rs/ (accessed on 3 August 2021).

[3] K. P. dan Kebudayaan Republik Indonesia, “Peraturan menteri pendidikan dan kebudayaan republik
indonesia nomor 92 tahun 2014,” 2014, tentang Petunjuk Teknis Pelaksanaan Penilaian Angka Kredit
Jabatan Fungsional Dosen. [Online]. Available: https://jdih.kemdikbud.go.id/detail_peraturan?main=132

[4] G. Radi¢, B. Risti¢, B. Andeli¢, V. Kuleto, and M. 1li¢, E-Learning Experiences of Higher Education
Institutions in the Republic of Serbia during Covid-19, Content Analysis and Case Study ITS Belgrade.
Seville, Spain: Sustainable Economic Development and Advancing Education Excellence in the Era of
Global Pandemic, IBIMA, 2020.

[51 J.Hom, V. Melinda, and D. Lazirkha, “Quality analysis of digital business services in improving customer
satisfaction,” Startupreneur Business Digital (SABDA), vol. 1, no. 1, 2022.

[6] N. W. Portal, “Najstudent web portal,” 2021, available online: https://www.najstudent.com/ (accessed on
27 August 2021).

International Journal of Cyber and IT Service Management (IJCITSM), Vol. 5, No. 1, April 2025, pp. 23-30


https://orcid.org/0000-0003-3336-2131
https://orcid.org/0000-0003-3336-2131
https://orcid.org/0000-0001-6564-4358
https://orcid.org/0000-0001-6564-4358
https://orcid.org/0000-0002-2337-2064
https://orcid.org/0000-0002-2337-2064
https://orcid.org/0009-0000-0345-9763
https://orcid.org/0009-0000-0345-9763
https://www.nat.rs/
https://www.nat.rs/
https://jdih.kemdikbud.go.id/detail_peraturan?main=132
https://www.najstudent.com/

International Journal of Cyber and IT Service Management (IJCITSM) O 29

[71 S. H. To, “Large enough sample condition,” 2021, available online: https://www.statisticshowto.com/
large-enough-sample-condition/ (accessed on 27 August 2021).

[8] Microsoft, “Mixed reality,” 2020, available online: https://docs.microsoft.com/en-us/windows/
mixed-reality/discover/mixed-reality (accessed on 12 March 2021).

[9] C. Dieck and T. Jung, Augmented Reality and Virtual Reality: The Power of AR and VR for Business.
Cham, Switzerland: Springer, 2019.

[10] N. W. Portal, “Students  fear  losing a year and  postponing  gradua-
tion,” 2021, available online: https://www.najstudent.com/vesti-i-desavanja/
studenti-strahuju-od-gubitka- godine-i-odlaganja-diplomiranja- 10843 (accessed on 27 August 2021).

[11] J.Jones, E. Harris, Y. Febriansah, A. Adiwijaya, and I. N. Hikam, “Ai for sustainable development: Appli-
cations in natural resource management, agriculture, and waste management,” International Transactions
on Artificial Intelligence, vol. 2, no. 2, pp. 143-149, 2024.

[12] PISA, “Oecd country note serbia,” 2019, available online: https://www.oecd.org/pisa/publications/
PISA2018_CN_SRB.pdf (accessed on 23 July 2021).

[13] J. Singh, B. Matthees, and A. Odetunde, “Leaning online education during covid-19 pandemic—attitudes
and perceptions of non-traditional adult learners,” Qual. Assur. Educ., 2021.

[14] C. Rapanta, L. Botturi, P. Goodyear, L. Guardia, and M. Koole, “Online university teaching during and
after the covid-19 crisis: Refocusing teacher presence and learning activity,” Postdigital Sci. Educ., vol. 2,
p. 923-945, 2020.

[15] B. E. Sibarani, C. Anggreani, B. Artasya, and D. A. P. Harahap, “Unraveling the impact of self-efficacy,
computer anxiety, trait anxiety, and cognitive distortions on learning mind your own business: The student
perspective,” Aptisi Transactions on Technopreneurship (ATT), vol. 6, no. 1, pp. 29-40, 2024.

[16] D. Amiruddin, G. P. Cesna, R. Supriati, N. Lutfiani, and T. Nurtino, “Startupreneur multiproduct: Vi-
sionary ilearning on digital business,” in 2022 IEEE Creative Communication and Innovative Technology
(ICCIT). 1EEE, 2022, pp. 1-7.

[17] Y. Shino, F. Utami, and S. Sukmaningsih, “Economic preneur’s innovative strategy in facing the economic
crisis,” IAIC Transactions on Sustainable Digital Innovation (ITSDI), vol. 5, no. 2, pp. 117-126, 2024.

[18] R. Scherer, S. Howard, J. Tondeur, and F. Siddiq, “Profiling teachers’ readiness for online teaching and
learning in higher education: Who’s ready?” Comput. Hum. Behav., vol. 118, 2021.

[19] 1. Maria et al., “Unlocking success: Human resource management for startupreneur,” Startupreneur Busi-
ness Digital (SABDA Journal), vol. 3, no. 1, pp. 89-97, 2024.

[20] A. Alwiyah, S. N. Husin, P. Padeli, M. Anggaraeni, and S. Sulistiawati, “Alignment of science and tech-
nology with islamic principles using quantum theory,” International Journal of Cyber and IT Service
Management, vol. 1, no. 1, pp. 115-120, 2021.

[21] IASA, “The demography of skills-adjusted human capital,” 2020, available online: http://pure.iiasa.ac.at/
id/eprint/16477/1/WP-20-006.pdf (accessed on 12 July 2021).

[22] O. E. W. Papers, “Trustworthy artificial intelligence (ai) in education,” 2021, available online:
https://www.oecd-ilibrary.org/education/trustworthy-artificial-intelligence-ai-in-education_a6c90fa9-en
(accessed on 3 August 2021).

[23] T. W. E. Forum, Global Competitiveness Report. ~Geneva, Switzerland: The World Economic Forum,
2019.

[24] B. Domini, A. S. Dewi, and G. P. Cesna, “Assessing the effects of artificial intelligence on startup perfor-
mance: An analysis of transformational initiatives,” IAIC Transactions on Sustainable Digital Innovation
(ITSDI), vol. 5, no. 1, pp. 24-38, 2023.

[25] S. Vincent-Lancrin and R. Van Der Vlies, Trustworthy Artificial Intelligence (Al) in Education: Promises
and Challenges. OECD Publishing, Paris, France: OECD Education Working Papers, No. 218, 2020.

[26] HolonlQ, “Annual report on the state of artificial intelligence in global education,” 2019, available on-
line: https://www.holoniq.com/notes/2019-artificial-intelligence- global-education-report/ (accessed on 3
August 2021).

[27] A. B. Fitra, A. Suharko, F. M. Albar, D. Apriliasari et al., “Examination of customer interest in the
use of the mandiri syariah mobile application at pt. bank syariah mandiri bekasi branch office,” IAIC
Transactions on Sustainable Digital Innovation (ITSDI), vol. 3, no. 2, pp. 110-125, 2022.

[28] C. Ziker, B. Truman, and H. Dodds, “Cross reality (xr): Challenges and opportunities across the spec-
trum,” in Innovative Learning Environments in STEM Higher Education, J. Ryoo and K. Winkelmann,



https://www.statisticshowto.com/large-enough-sample-condition/
https://www.statisticshowto.com/large-enough-sample-condition/
https://docs.microsoft.com/en-us/windows/mixed-reality/discover/mixed-reality
https://docs.microsoft.com/en-us/windows/mixed-reality/discover/mixed-reality
https://www.najstudent.com/vesti-i-desavanja/studenti-strahuju-od-gubitka-godine-i-odlaganja-diplomiranja-10843
https://www.najstudent.com/vesti-i-desavanja/studenti-strahuju-od-gubitka-godine-i-odlaganja-diplomiranja-10843
https://www.oecd.org/pisa/publications/PISA2018_CN_SRB.pdf
https://www.oecd.org/pisa/publications/PISA2018_CN_SRB.pdf
http://pure.iiasa.ac.at/id/eprint/16477/1/WP-20-006.pdf
http://pure.iiasa.ac.at/id/eprint/16477/1/WP-20-006.pdf
https://www.oecd-ilibrary.org/education/trustworthy-artificial-intelligence-ai-in-education_a6c90fa9-en
https://www.holoniq.com/notes/2019-artificial-intelligence-global-education-report/

30 a E-ISSN: 2808-554X | P-ISSN: 2797-1325

Eds. Cham, Switzerland: Springer, 2021, p. 55-77.

[29] M. Rankovié, V. Dedié¢, M. Jovanovié, D. Petrovi¢, and M. Ili¢, “Escape rooms in virtual reality, the
concept and application in electronic business doing,” Indep. J. Manag. Prod., vol. 11, p. 1247-1261,
2020.

[30] R. Aprianto, R. Haris, A. Williams, H. Agustian, and N. Aptwell, “Social influence on ai-driven air quality
monitoring adoption: Smartpls analysis,” Sundara Advanced Research on Artificial Intelligence, vol. 1,
no. 1, pp. 28-36, 2025.

International Journal of Cyber and IT Service Management (IJCITSM), Vol. 5, No. 1, April 2025, pp. 23-30



	Introduction
	Literature Review
	AI-Enabled Personalized Learning (AIPL)
	Student Engagement Metrics (SEM)
	Cognitive Skill Development (CSD)
	Digital Literacy Advancement (DLA)
	Educational Resource Optimization (ERO)

	Methods
	Result and Discussion
	Managerial Implication
	Conclusion
	Declarations
	About Authors
	Author Contributions


